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*UTMOS: Team UTokyo-SaruLab MOS prediction model for VoiceMOS Challenge 2022 by NAKATA,
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sity of Tokyo / CyberAgent, Inc.), TAKAMICHI, Shinnosuke, SARUWATARI, Hiroshi (The University
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Table 1: 5RFE I T 2 SHAHELZE O FHAMAS R
(a) Main

Utterance-level System-level
MSE LCC SRCC KTAU| MSE LCC SRCC KTAU

UTMOS strong 0.276 0.883 0.881 0.708 | 0.148 0.930 0.925 0.774
w/o contrastive loss 0.241 0.881 0.879 0.706 | 0.114 0.932 0.930 0.781
w/o listener ID 0.307 0.880 0.878 0.704 | 0.160 0.935 0.933 0.784
w/o phoneme encoder | 0.249 0.881 0.882 0.709 | 0.119 0.935 0.936 0.790
w/o data augmentation | 0.226 0.885 0.882 0.710|0.103 0.936 0.933 0.784
w/o MSE loss 0.219 0.882 0.880 0.707 | 0.114 0.932 0.929 0.778
SSL-MOS ‘ 0.380 0.869 0.871 0.695 ‘ 0.223 0.920 0.918 0.758
(b) 00D

Utterance-level System-level
MSE LCC SRCC KTAU‘ MSE LCC SRCC KTAU

UTMOS strong 0.378 0.891 0.871 0.690 | 0.248 0.970 0.972 0.879
w/o contrastive loss 0.407 0.870 0.862 0.676 | 0.272 0.945 0.957 0.841
w/o listener ID 0.636 0.847 0.825 0.638 | 0.490 0.931 0.944 0.820

w/o phoneme encoder | 0.390 0.893 0.881 0.702 | 0.258 0.966 0.967 0.868
w/o data augmentation [0.322 0.887 0.872 0.691 |0.191 0.960 0.967 0.872
w/o external data 0.412 0.883 0.868 0.684 | 0.253 0.960 0.961 0.861

SSL-MOS ‘0.676 0.872 0.842 0.654 | 0.500 0.957 0.964 0.862
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¥ L7z wav2vec 2.0 [12] base €73 Z{HEH L 7.
/2, BRLYa—F 4 Y EHT 2 5250
I2iE, Xu SRR L TV HHAEME TV [13] Z2#
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TeBHENA =285 X —&1Z, “w/o contrastive loss”
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& L7. “w/o contrastive loss” & “w/o MSE loss”
LTI, ZRENB=1,7 =0, =0,y =1
L7 ok rIZELTIE, “w/o listener ID” %R
Za=057=025%20L7%. “w/o listener ID” iZ
LT, a=017=01%kL7%. F—XIERIZ

Table 2: A& v F > 71205 2 FHfifGER. “Strong”
¥ “Weak” Xz 2, AX v x> IMEHINT
R/ 59 E RO R T, “Strong” A1 D ¥ FIZR-
TRFFERIMEHE R o72. DF D, W¥ER
B L3RR TH 5. O0D track IZfHH L 7=
PR ORI 48, 96, 144 £ L, ZhEh, OOD O
&, OOD KM H DOREEHESR, main, OOD KU
HOBREB CI L 7zET AV EHHL TV 3.
(a) Main

Utterance-level System-level
Strong Weak | MSE LCC SRCC KTAU‘ MSE LCC SRCC KTAU

1 0 ‘0.216 0.894 0.890 0.720 | 0.105 0.937 0.934 0.792

17 0 ]0.169 0.896 0.893 0.725 |0.088 0.939 0.936 0.792
0 48 ‘ 0.186 0.887 0.885 0.714 ‘ 0.108 0.928 0.927 0.777
1 48 0.172 0.896 0.894 0.726 | 0.098 0.935 0.933 0.789
5 48 | 0.169 0.898 0.895 0.728 | 0.095 0.938 0.936 0.793
12 48 1 0.169 0.898 0.895 0.728 | 0.094 0.938 0.935 0.792
17 48 |0.165 0.899 0.896 0.730 | 0.090 0.939 0.936 0.795

(b) OOD

Utterance-level System-level
MSE LCC SRCC KTAU‘ MSE LCC SRCC KTAU

0.280 0.905 0.885 0.704 | 0.160 0.972 0.965 0.858
0 |0.155 0.920 0.896 0.720

Strong Weak
1

0.033 0.986 0.976 0.894
0.028 0.989 0.977 0.900

6 0.029 0.988 0.975 0.886
0 48 10204 0.893 0.858 0.674 | 0.033 0.985 0.963 0.860
0 96 | 0.179 0.907 0.877 0.696 | 0.030 0.988 0.975 0.890
0 144 1 0.176 0.909 0.882 0.702 | 0.033 0.987 0.974 0.888
1
6

144 1 0.174 0.910 0.883 0.704
144

0.162 0.917 0.892 0.715

RIS 2 A =T X—=&1F, F, =0.1,F, =300 &
L7z. %7, “w/o data augmentation” {ZB L T,
7= RILRIIATD R o T Bal{bizid, Adam [14]
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57,

ETNRARy XY IEHEI N8P EERICE L
T, Optuna [15] I X2 NAR=NRF X =& F 2 —
=¥ 7% FAWT development £y ML THRD &
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2T % O0D tack THHEAL. 3¥EET
3 2RI EEA SSL BT U5 558 3 FilEIC
B L Tid, wav2vec 2.0 [12] % 4 2, HuBERT [16] %
25, WavLM [17] & 2 O L7z, ZhBDEFIL
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J-Hf R EIFE T OUVICE LTI, 2 o0 ERRE T
(U PG, FEYR— X7 FLE (SVR)
), 2DODPERETIN (FVRLT VAR
LightGBM [18]), 2 DD —4/Lik (kernel SVR 8
X, Ao REREER) AMERA I, 2 s o SSL
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HD I FE IR Z AL 7=
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3https://github.com/pytorch/fairseq/blob/main/examples/wav2vec
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(Sys.) OFHIEHEED GRS [3]. 3 D2DRN=2F
A YFEITMZ, 21 F— 24753 main track D FHIFER
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WA 15 F— 23 FPHIRER 2 HRH L7z, $4 D Team
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main track DFEEIE, Utt. MSE = 0.165(1),
Utt. SRCC = 0.897(1), Sys. MSE = 0.090 (1),
Sys. SRCC = 0.936(3), OOD track ®#§%R
12,Utt. MSE = 0.162 (1), Utt. SRCC = 0.893 (2),
Sys. MSE = 0.030 (1), Sys. SRCC = 0.988 (1) T
5. 1y aDFHOHFIZEMRICBIT BIEMEZRT.

4.3 FEFBPHRICK T B ablation study FEFR

3.1 THA L 7S EER O RN DB LT L 7.
2TOERZMHEHLET L%Z “UTMOS strong” &
L, SSLET VDI FHIC XL 5 R—RF 4 FEK [5]
% “SSL-MOS” ¥ L Tmnd. #REE LIIRT. &d
BWERBZAKFECTREINTED, “SSL-MOS” BX U
“UTMOS strong” Z PR Z &b BOFERIT THTRE
NTn3,

FER 25, ablation study TOHKFEE, 32
AR TORIEIZE VT “SSL-MOS” X h#EL T
W3 Z e DiERTE S, MAT, main track TlX,
UTMOS strong 2267 — XHLRPERL Y I —T 4
VIORMHLBEVETANL D KWERERLEE. 2
AT main track TIE7T =Xty "R KREpo/Z L
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& UTMOS strong 23 d RWFERZ/R L. 24U,
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ARV AT 5 Z DR SN, 2D b,
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NY. TR development set 1K 5 AT 4
L~LD SRCC % b L ICEMIVIC 1, 5, 12 ffE#R X
nr.

FERD S, BIORFEHIRDAE WSS, SRCC
FEND DD, MSEMKE 2o TW\W5 Z EHMHERT
X%, —NT, ARvF I REHT 5T, SRCC
FEVWE E MSE 258§ 5 Z e SRR I Tz A
T, FEEMHTFEN RN EMIcCO LSS, 59%
BERDOAEH WA R v % ¥ 7I2BWTHEWV SRCC

DRI NIz, £, BFERPI RO T
THICKD, FRKEEIUE T 2EHAPHIE I .
ZHUX, BEDANALNR—RF X — XD F A A
YOF—RERWTCEFTAZHET ST, Tl
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